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Representative Image Selection from Image Dataset

QI Mei-Bin* ZHU Jun-Jun' JI Ping? JIANG Jian-Guo®

Abstract In a traditional image retrieval system, people search images using keywords. However, the result shows a
lack of diversity in the sense of semantic theme. For the problem, we propose a viable method for representative image
selection. We define representative images as those with diverse contents in the semantic meaning to cover different
semantic forms of a query. First, we use mutual nearest neighbor consistency to adjust the similarity between images
as the input to the AP clustering. Then we select representative clusters based on cluster ranking and finally take the
images of the cluster center from representative clusters as a summary of the image dataset. The results showed that
the performance of our method is better than the K-means based method and the greedy K-means based method. The
selected images can summarize the content of the original image dataset intuitively and effectively, and they are diverse
in semantic meaning as well.
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