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ARTIFICIAL NEURAL NETWORKS BASED NONLINEAR
SELF-TUNING PREDICTIVE CONTROLLER

WanG Diangur - CHar Tianyou
(Research Center for Automation of Northeastern University, Shengyang 110006)

Abstract Using neural networks as nonlinear predictors, this paper proposes a self-tuning
predictive controller for multivariables nonlinear systems. The main idea of the presented
control strategy is to use the linearization technique in feedforward neural net identifier mod-
els. Simulation examples including a time-varying plant and a nonlinear plant are shown to
demonstrate the effectiveness of the control algorithm.

Key words Multivariables nonlinear systems, self-tuning predictive control, artificial neural

networks, local linearization.



