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LEARNING OF FUZZY RULES AND ITS APPLICATION
TO NONLINEAR SYSTEMS MODELING

CHEN JIANQIN X1 YUGENG {ZHANG ZHONGJUN

(Institute of Automation, Shanghai Jiao Tong University, Shanghai 200030)

Abstract This paper discusses fuzzy inference systems and their application to nonlinear sys-
tem modeling. The paper presents a new algorithm for learning fuzzy rules. The algorithm
first partitions input data into some clusters by competitive learning, then determines the de-
cision margins for each input cluster, and finally, learns the fuzzy rules for each input local
region. The paper proposes and adaptive fuzzy inference method for the fuzzy rules. Exam-
ples are provided to demonstrate the presented learning algorithm and the computing results
show that the method of the paper is superior to those in the reference.

Key words Fuzzy systems, competitive learning, nonlinear system modeling, neural net-
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