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AN EFFICIENT LEARNING ALGORITHM FOR ASSOCIATIVE
MEMORY NEURAL NETWORK

Liance Xuesin'®  Wulme Yu Jun
(Dept. of Computer Science,Fudan University, Shanghai 200433)

Abstract A new and efficient learning algorithm of asociative memory neural network 1s pro-
posed ,with the following characteristics : (1)it can store any given training pattern set no mat-
ter how much and what correlation among them may be; (2)the smallest domain of attraction
of training patterns is maximized; (3)each domain of attraction of training patterns is guaran-
teed to be as large as possible; (4)the designed associative memory network is globally stable.
A large number of computer experimental results contirm that our algorithm possesses more

powerful storage ability and more fault-tolerance capability than existing ones.

Key words Associative memory, training pattern set, total storage ability, maximized do-

main of attraction, global stability.
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