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WAVELET NEURAL NETWORK FOR FUNCTION LEARNING

LU BalQuAaN LI TIANDUO LU CHONGDE  LIU ZHAOHUI

(Department of Thermal Engineering s Tsinghua University, Beijing 100084)

Abstract In identification of nonlinear system,the network inputs usually are multivariables.
The approach using wavelets alone to resolve the problem is complex. Therefore,the paper es-
tablishes a new network method by combining neural network and wavelet characteristics to
handle the multivariable problem simply and effectively. This paper also gives the mathemati-
cal verification that the network can approximate any kind of functions. The simulation results

of an examkple indicate the validity of the method.
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