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AN EXCELLENT SCHEMAS
SELF-LEARNING GENETIC ALGORITHM

WANG Honggang ZENG Jianchao Xu Yubin

(Diwision of system simulation and computer applications Taiyuan

Heavy Machinery Institute, Taiyuan 030024)

Abstract Genetic algorithm is a widely used stochastic optimization method. The
paper presents a self-learning genetic algorithm to solve the problem of slow conver-
gence to the global optimum and analyzes its convergence properties. Finally, the
paper demonstrates its utility by two examples of the {function optimization
problem.
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PROCEDURE SEARCH
BEGIN
ML R R B H W1 fen—1;
REPEAT

IF (R R LD
BEGIN
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RETURN;
END
ELSE
ki=k—1;
UNTIL(K<=3);
END.
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PROGRAM ESSLGA
BEGIN
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solution: =P (k) P & & BB A b
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END.
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