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GENERALIZED PREDICTIVE CONTROL WITH DYNAMIC
COMPENSATION BASED UPON WAVELET NETWORK
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Abstract Generalized predictive control relies on the process linear model and doesn’t consid-
er the effect of unmodelled error. With a longer prediction length, the prediction error be-
comes greater. Therefore this paper presents an error prediction model using wavelet network
and uses it to compensate the error dynamically. The adjusted GPC can reduce the influnce of
unmodelling section and enhance its robustness. The simulation results have shown the
method’s validity.
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