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RADIAL BASIS FUNCTION NETWORKS BASED ON WAVELET FRAMES
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Abstract A set of wavelet frames generated by Gaussian radial basis functions are

presented. It is constructively proved that a radial basis function network with Gaus-

. . . . " " . d . v
sian activation functions can approximate any function in L°(R®) with desired accura-

cy. Furthermore, an adaptive learning algorithm for constructing and training net-

works is proposed based on time-frequency localization properties of Gaussian radial

basis functions and the adaptive projection algorithm. Applications to signal recon-

struction and noise elimination are given.
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