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INDEPENDENT COMPONENT ANALYSIS: A SURVEY
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Abstract The principle and applications of the Independent Component Analysis
(ICA) are surveyed. Firstly, the background and the development prospects of ICA
are described and the definition, classification and algorithms of ICA are brietly intro-
duced and evaluated. Then, it is discussed the ICA’s applications such as in speech
signal separation, biomedical signal processing, financial data analysis, image denois-

ing , face recognition and so on.
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