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PATTERN RECOGNITION FOR COMPOSITE FAULT
BASED ON WAVELET NEURAL NETWORKS

HU Shou-Song ZHOU Chuan WANG Yuan

(Department of Automatic Control, Nanjing University of Aeronautics and Astronautics, Nanjing 210016)

Abstract A pattern recognition method for composite fault diagnosis based on
wavelet neural networks is presented. Considering the multiple faults in complex non-
linear system such as a fighter, a multiple-layer wavelet neural network is construct-
ed. Residual signal is processed by discrete binary wavelet transformation at the input
layer, and the detail coefficients are obtained under multi-resolution as fault character
vectors, finally these character vectors are sent to the neural network classifier to
complete fault pattern recognition. Simulation results reveal that the presented

method is ettective for composite fault diagnosis.
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