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STATISTICAL-FUZZY METHOD AND FUZZY-STATISTICAL
METHOD FOR PATTERN RECOGNITION

Tao DucHUN

(Institute of Acoustics, Academia Sinica)
ABSTRACT

The statistical-fuzzy method and the fuzzy-statistical method for pattern recogni-
tionn are developed in this paper on the bas's of the discussion on the generalities, dif-
ferences and the respective suitable scopes of statistical approaches and fuzzy approa-
ches to pattern recognition. The statistical-fuzzy method is to adopt in a fuzzy classi-
fier the membership funections which make full use of the statistical information of
the pattern components, so that the performance of the classifier is better than that of
common fuzzy classifiers. The fuzzy-statistical method is to replace the pattern compo-
nents by their fuzzy membership functions as inputs in a classifier which is based on
the statistical method. From the results of the classification experiments made with
the data sets given in this paper, it can be seen that the eclassification performance of
this method can approach the optimal level of the Bayesian classifier with quite a small
training set.



