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AN ADAPTIVE FILTERING APPROACH FOR
DECONVOLUTION OF SEISMIC SIGNALS

Deng Zirn

(Insiiture of Applied Mathemarics, Heilongjiang University)

ABSTRACT

This paper deals with the problems of deconvolution of seismic signals. An adaptive re-
cursive deconvolution filter consisting of two-stage bootstrap algorithms for parameter and
signal estimations is proposed. It has two advantages. (1) The amount of computation, com-
pared with the augmented state Kalman filter [2, 5], is considerably reduced. (2) The problem

of divergence associated the bootstrap algorithms 1s effectively alleviated, due to a fictitious noise
compensation technique used. Simulation example has shown the effectiveness of the proposed

approach.
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