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CONTEXT-DEPENDENT VECTOR QUANTIZATION
BASED ON K-MEANS ALGORITHM

XU Xiaobin DING Feng LIN Bigin YUAN Baozong

(Institute of Information Science , Novthern Jiaotong University, Berjing 100044)

Abstract An approach based on k-means algorithm to implement context-
dependent vector quantization for continuous speech recognition is presented. With
the approach,individual phonetic context of each leaf in a decision tree can be moved
from one leal to another,in order to optimize the mixture density given by that tree.
Experimental results given in this paper demonstrate that the average likelihood
given by this approach based on k-means algorithm i1s four to ten percent higher than
that obtained with the previous method of optimizing mixture densities by merging

leaves of decision trees.
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