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LOCAL LEARNING METHODOLOGY FOR DISTRIBUTED
NETWORKS AND ITS APPLICATION IN
INFERENTIAL CONTROL

Lou RonGru  SuHao Huinr
(Deparsment of Automatic Control, Shanghai Jiao Tong University, Shanghas 200030 P. R. China)

ABSTRACT

In this paper, Local learning methodology for distributed networks 1s proposed,
and a chemotaxis network 1s adopted to design a nonlinear inferential estimator. Sa..
tisfactory results have been obtained from the inferential control application to a lar-
ge-scale high purity distillation column.

Key words: Local learning methodology for distributed networks, chemotaxis
network, inferential control, high purity distillation.
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