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DYNAMIC DILUTION FOR PERCEPTRON TRAINING

WanG Tao XiNnG XIAOLIANG

(Depariment of Computer Science & Enginecering Zhejiang University Hangzhou 310027)

ABSTRACT

In this paper, a dynamic dilution concept for perceptrons is proposed, which es-
timates the weights and reduces the number of connections at the same time. The

dynamic dilution overcomes the weakness of the static dilution. Computer simula-
tions are conducted to show 1ts advantages.

Key words: Perceptron, learning algorithm, dynamic dilution, static dilution.
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