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A FAULT PREDICTION METHOD VIA TIME SERIES
PREDICTIVE NEURAL NETS AND ITS
APPLICATION

Fene Eno Xi1ao Deyun Fanc CHoNGzHI
(Dept. of Automation, Tsinghua Universizy Beijing 100084)

ABSTRACT

A novel method of fault prediction in industrial systems which 1s based on the
predictive neural network trained using time series data, is proposed in this paper.
Then descriptions of the abiality of prediction or generalization of time series predi-
ctive neural networks are discussed. Also we apply the new approach to the predic-
tion of hydrogen-in-chlorine in electrolytic soda industry to prevent an explosion
caused by the mixture of them. The results show that the new method 1s effective

for 24 hour prediction.

Key words: Fault prediction, neural network, electrolytic soda process.



