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Large Scale Web Image Online Annotation by Learning Label Set Relevance

TIAN Feng’ 2 SHEN Xu-Kun*

Abstract
in the label relevance deficiency and redundancy. To solve the above problems, a novel web image annotation method

Traditional web image annotation methods neglect the relevance of the assigned label set as a whole, resulting

by learning the label set relevance is proposed, which considers both the relevance of label set to image and the label set
internal correlation. Measures that can estimate the above factors are designed, and both the constraints are formulated
into a joint framework. Meanwhile, an effective greedy search algorithm is proposed for an approximate optimal label
set, which reaches a reasonable trade-off between the relevance of label set to image and internal correlation, and makes
the framework more applicable to the data set that contains the large scale concept and images. Experiments on real
world web image data sets demonstrate the general applicability of our algorithm. In comparison to the state-of-the-art

methods, the proposed approach yields better performance.
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Fig.1 Illustration of label set relevance learning
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Table 1  Average precision per image
g=1 q=2 q=3 q=4 q=>5 q=6
LSLabel(r) 0.307 0.278 0.245 0.228 0.195 0.168
LSLabel(r + ¢) 0.340 0.321 0.290 0.268 0.231 0.217
LSLabel(r + ¢ + o) 0.338 0.318 0.285 0.264 0.226 0.211
*2 FYEGHERR
Table 2 Average recall per image
9= 9=2 q=3 q= q= qg=
LSLabel(r) 0.029 0.066 0.094 0.116 0.133 0.148
LSLabel(r + ¢) 0.034 0.079 0.110 0.135 0.154 0.169
LSLabel(r + ¢ + o) 0.033 0.075 0.107 0.130 0.148 0.164
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