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Research on Object Tracking Algorithm
Based on SIFT

LIN Hai-Feng!  MA Yu-Feng!  SONG Tao!

Abstract Based on the scale invariant feature transform
(SIFT), a novel motion-tracking algorithm for multi-targets uti-
lizing the feature reserving priority of preference is proposed.
The SIFT features of an object are updated in real time to store
the stable features of a recent frame. Thus, it can realize the
stable tracking of multi-objects by feature reserving priority of

preference instead of prior information. Experimental results

show that this method can not only handle the problems of tar-
get losing efficiently, which are induced by object’s rotation and
translation, but also has nice robustness to the conjunction of
multi-targets in the process of object tracking.

Key words Multiple objects tracking, scale invariant feature
transform (SIFT), non-rigid deformed, stability
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Fig.1 Procedure of the tracking system
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using temporal difference using our method
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Fig.2 Comparison of foreground subtraction between

temporal difference method and ours
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Fig.3 Comparison of foreground subtraction between
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Fig.4 Comparison of foreground subtraction between Gauss
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Table 1  Comparison of Vldeo processing efficiencies between

Gauss background modeling method and ours

Sk e THIM (s)
AET 100 0.2081
T S 100 0.6699
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Fig.5 Effect of multi-object tracking using our method
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Table 2  Results of object matching process using

our method in different scenes

78" A % Rmax  ERIGA  TERMWZE K (%)
EC 0 100 1 0 75 75
Hhh 0 100 2 0 84 84
L 0 100 3 0 97 97
EHN 100 0 5 91 0 91

HIZ 2 A1, S0 2 HARIL RN AE, 2 Ruax (8
3 I, IR H RS R EEAE 95 % LAk, dr T ARRITETE

ARAERS B PR I A A, SRR E BRI B, T LR B 1K
FEBZ, RIIEBCE Ruax ME 5 I, BREZ IR 2

91 %.
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Fig.6 Influence of Ry,.x on matching probability
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