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Mining Frequent Patterns over Data Stream under the Time Decaying Model
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Abstract
stream and the shift of the stream center, we propose an algorithm of data stream frequent pattern mining, named

Frequent-pattern mining is an important task in mining data streams. Considering the timeliness of data

DFPMiner, which combines both the landmark window and the time decaying model. By dynamically constructuring the
global pattern tree, the method uses time exponential decay function to account the support of each pattern to describe
the frequent degree within the landmark window. Moreover, to reduce the space cost effectively, the constructed pruning
threshold function is used to cut in time the pattern that is not able to turn into the frequent pattern from the global tree.
This paper deeply analyzes the important parameters and thresholds in the algorithm. The experimental results show
that comparing with the algorithm MSW, DFPMiner has higher mining precision (over 90 % in average) and lower storage
cost, and it can meet the request of processing high-speed data streams in the execution. Our method can be applied
to the streams of different numbers of transactions, different average transaction sizes, and different maximal potentially

frequent pattern sizes.
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