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Support Vector Machine Based on Nodes Refined Decision Directed
Acyclic Graph and Its Application to Fault Diagnosis
YI Hui' SONG Xiao-Feng' JIANG Bin! WANG Ding-Cheng'?
Abstract Support vector machine (SVM) is an intelligent method which can create diagnostic models automatically

by using off/on-line data sets, but it needs to be extended to a multi-class classifier for multi-fault diagnosis. Decision
directed acyclic graph (DDAG) is an extending strategy with outstanding performance. However, its decision largely
depends on the sequence of nodes which is arbitrarily selected. This affects the accuracy of diagnosis. In this paper, we
proposed a method to refine the sequence of nodes according to the distribution of fault data sets, so as to improve the
accuracy of SVM-based diagnosis. Multi-class SVM extended by our method has been employed as a transformer fault

diagnosis, and satisfactory results have been obtained.
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Fig.1 Procedures for a four-type DDAG decision
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Fig.2 DDAG structure obtained by node refined method
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