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A Fast Non-destructive Algorithm for Image Description Based on Improved
Wavelet Moment Features

LIU Jia-Min* XIE Hai-Jun' LIU Qiang® ZHU Sheng-Jun' ZHANG Wei'

Abstract In order to rapidly and non-destructively calculate image eigenvalue, by combining the Mallat algorithm,
a new invariant wavelet moment algorithm with non-destructive sampling is presented. Feature extraction based on
amplitude spectrum and wavelet moment invariants is also presented. The experimental results show that compared
with the traditional cubic B-spline wavelet moments and Hu moment invariants, this algorithm can greatly accelerate the
wavelet moment invariants calculation with few losses in performance. The new wavelet moment invariants algorithm

based on amplitude spectrum is verified to be insensitive to noises compared with other wavelet moment invariants.
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Table 1 Performance of representation and

description on images with different moment invariants
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Fig.3 A facial image in different status
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Table 2 The classification rates of three moment
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