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Background Subtraction Based on a Combination of Local Texture and Color

XU Jian'!  DING Xiao-Qing'  WANG Sheng-Jin' WU You-Shou'

Abstract
background subtraction algorithm is proposed in this paper, which combines local texture and color information to depict

Background subtraction is one of the key techniques in computer vision and video processing. A new

background and adopts the idea of mixture of Gaussian that uses multiple modes to represent background model. In order
to represent texture better, LBP is modified. Experiments show that the proposed algorithm has better performance than

other ones in most cases.
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