%35 & 4
2009 4F 4 J]

H 2 % 4R
ACTA AUTOMATICA SINICA

ETHayEEN AN E SR E S
Rk At

W OE EeE MRS T A TR ) A VR T SRE . AR VAR RN G R B AR R S
e AR K0 3 s R BT A 2 8, LR R ) e A W S RS TR e T A P A RO TR (R A T VA — B R L
T IZsh B R M. R, KRR T v R SRk, SETLT R4 R T T B B AR, @ik VSSN 05 Fl
PETS 2006 MAXAMKI S, B0 UF T A SCHE H B2 3 ik

XKEIR WSk, BT, B R O

hESES TP391

Vol. 35, No. 4
April, 2009

Improved Background Subtraction Based on Novel Thresholding Approach
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Abstract
subtraction. This thresholding approach uses the color distortion and brightness distortion of each pixel to detect the

A novel thresholding approach is proposed based on color space model and is embedded into background

changes in the background. The color distortion is detected by utilizing the position information of color vector in color
space. Moreover, this thresholding method is also helpful for removing the moving shadows to some extent. For complex
background, a dual-threshold method is proposed in background subtraction to extract object from videos containing
complex background. Experimental results on the videos of VSSN 05 and PETS 2006 show the effectiveness of the

proposed algorithm.
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Fig.1 Block diagram of original algorithm
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based on color space model
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