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Spatiotemporal Background Modeling Based on Adaptive Mixture of Gaussians

WANG Yong-Zhong? LIANG Yan? PAN Quan'! CHENG Yong-Mei' ZHAO Chun-Hui'

Abstract
paper presents an adaptive spatiotemporal background model, combining the temporal information of per-pixel and the

The background model of traditional mixture of Gaussians is less robust to non-stationary scenes. This

spatial information in the local region. Based on the temporal distribution model learned by mixture of Gaussians, the
spatial background model of per-pixel is utilized to construct the spatial distribution of background in the local region by
non-parametric density estimation. The robust detection is achieved by fusing the subtraction results separately based on
the temporal and spatial background models. Additionally, to improve the computation efficiency, an adaptive selection
strategy of the number of components of mixture of Gaussians model is proposed and integral image method is applied to
calculate the spatial background model. Experimental comparisons demonstrate the effectiveness of the proposed method.
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Fig.1 Scheme of spatiotemporal background modeling
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Fig.3 Some detection results of our method and the previous methods
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Fig.4 Comparison of our method to the previous methods
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