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Novel Region Energy Evolution Image Segmentation Based on Fuzzy Object

Confidence Description

HU Zheng-Ping'? TAN Ying?

Abstract To overcome the difficulty to search the stop condition in a conventional region growing algorithm, a novel
region energy evolution image segmentation method is put forward, which couples the merits of support vector domain
description, Mumford-Shah active contour energy model and region growing. The input image data are transform into
fuzzy object confidence description firstly by using the support vector domain description model, so the advantages
of supervised kernel learning model and the global region distribution information could be exploited to enhance the
segmentation performance. On the other hand, a new region-based image energy term in region evolution based on the
fuzzy object confidence description is presented. It is more robust than the classical region growing and active contour
method, because it takes into account the optimal image object fuzzy confidence description knowledge of human being
and feasible energy model as well. In the region growing processing step, the confidence threshold is updated gradually,
so the optimal segmentation results are obtained by dynamic optimizing the novel energy model. Experimental results
have demonstrated the flexibility and better performance of this novel region growing image segmentation method.
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segmentation based on fuzzy object confidence description
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