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Abstract

Diversified methods of decreasing the influence of noise have appeared to improve the performance of speaker

recognition system in noise. In the paper, based on the statistical characteristics of speaker feature and the particularity of

histogram equalization applying to speaker recognition, an adaptive histogram equalization method for speaker recognition

is presented. The experiments showed improvements in performance with the proposed method in comparison with

ordinary histogram equalization, and that the robustness of the system could be improved with the method under different

noise environments.
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Fig.1 Transformation chart of cumulative distributing curve based on histogram equalization
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HEAZ A R AR, U G LE O R, R FRA R
BIRTF 20 %; 124155 A 2liifii (SNR=oo) I,
HEQ Hl AHEQ M#HAZ S G TG AR $ I8~ 35 FAIC
T 25 0.4%. X FZEF N U G0 KR, HEQ 1
AHEQ X R IR AME R 2 ) 2ok 2B
i, HEQ F1 AHEQ #7248 # S 1y 512 TR {5 B 1)
NGy R

2) FE B W LR P Rl A A AHEQ
MHHAR L HEQ MHF AR B m— 28, [FRE Rl {5
LU R I HE A 26 (1) 4 i i B B T R . 24 SNR =0
INf, 7E P FP I R R ES AHEQ ¥ N %t HEQ 7
CST603 A1 Childers WXL~ 73 7~F- 3414 0 6.3%
1 6.4%, 1 SNR =00 I, #HIAZE 5 FI8EE T
0.2% #1 0.55%. XUl ASCHHEH Y AHEQ J7i%
70 DX RSB SR I 220 R A S g T 300 AFHA
PERE.

3) [l A7k [Fl-—fEHE LR, Babble MR
RES N HHEHA R R Z BB L White B 3REE R EN
— 2 HZE R, T HLBE A AR ey VA I L
Ak HEA I ZE AR AR AR E . X nT AR B P Rl

RIS 3 SO DA 3 (1) 22 S 32 02 R kg M 7 A B (1 P
Fea M, M2l AHEQ J5 105 R AN [F] R (1
Mk P PR IE T A BAT R 5 ) e

4) iRt CST603 5 & ik /2 Childers Ik
B, T AR AN 75 IR RIS R LR, =R VR 0
Sl AR L A AL 3 2 DR Ay P e R A v 1) 3
I Al TR B, IR S A () PR Mg P PR 5 A
L LR el gk 22 AN K

ek, 3 I AT AR I 3 Y T B B A
TS RENS S i RGN, BRI &, iy A5
VAAE T RIS [ (10 03 AR (] 2 70 [ W 75 BRI 40
AT — e M EHE.
5 iR

P N PRI FE R g S A0 40— T2 52
RGN A 0 E BRI R SO T S RHAE
(Y28 T 0 1 P A0 A A 0 it N TR0 e g 12
R AL, S T BT BN B OGN V. S A
KW, KA AHEQ 7 )7 i m] DUk B3 e F1 40 21
IS TSSO PRI 22 DX T A B — 30T, 5 5 3 g
(SEOF R R T i 1A M E B VA E WA SEE R LS
— AR PPN R G HAE; T HAEA R A4
DA K TG 8 75 At P 0 S AR R MR PR IR B R, 1B
VS B A AL RN, 1 — 2D Y O R G ) 5
.
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