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Abstract Computerized tomography (CT) technology is an advanced non-destructive three-dimensional detection
technology that can completely investigate the interior structure of an item in the form of grayscale images without
contacting. It plays an important role in aerospace, industrial production, security inspection and other fields. Be-
cause industrial CT artifacts have had a significant impact on image resolution, this study examines the mechanism
of coupling artifacts in the industrial CT imaging process, as well as the most recent technical advancements in arti-
fact suppression methods. For the artifacts created during the ray attenuation process, the item containing scatter-
ing artifacts and cupping artifacts is described first. Second, the related technologies for artifact generated by the
detector and the object suppression, such as ring artifacts and metal artifacts are discussed. And then, the latest de-
velopments in the suppression of streaking artifacts, banding artifacts and blocking artifacts are presented for the
accessories generated by sampling data and reconstruction methods. By reviewing the research of industrial CT arti-
fact suppression in recent years, the challenges and the development in the field of high-resolution imaging based on
artificial intelligence in deep learning are summarized and prospected.
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Table 1  Types of manifestations and causes corresponding to the characteristics of different artifacts
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Table 4 Research status of metal artifact suppression methods for industrial CT
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