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The Research on ACP-based Modeling and Computational Experiment for

Cyber Movement Organizations
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Abstract Once it appeared, the cyber-enabled social movement organizations (CeSMOs) became an instant con-
cern of the majority of scholars in sociology and computer science. On the one hand, the Internet, especially the mo-
bile Internet, with characteristics such as information integrating, resonance causing, real time sharing and high in-
teraction, provides a direct channel for the large-scale and rapid aggregation of human behaviors. This makes it pos-
sible to observe and study the complex behavior of online crowds and their organizational features. On the other
hand, this research plays an increasingly significant role in social media marketing, sharing economy and non-milit-
ary organization actions. In this paper, we introduce the studies in crowd behavioral dynamics and social move-
ment organizations, and propse the ACP-based CMOs reseach method. Firstly, an artificial community with a
double-layer structure is designed based on multi-agent modeling method. Secondly, the dynamics of organizational
behaviors of netizens and online crowds are analyzed by computational experiments. Thus, the interactive behavior-
al mechanism of community crowds and the mechanism modeling of crowd organizational activities are emphatic-
ally discussed, laying a foundation for revealing the influence of simple behavioral rules of micro individuals on com-
plex emergent phenomena of macro crowds.

Key words Social networks, multi-agent modeling, social movement organizations, cyber movement organizations
(CMOs)
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Fig. 1 Online and offline interaction mode of CMOs
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The double-layer structure of artificial community
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Table 1  Computational experimental parameters for the

experiment on the influence of crowd behavior distribu-

tion by individual knowledge similarity threshold w
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Fig. 7 The distribution of crowd posting behavior when © changes
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Table 2 Computational experimental parameters of the
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The distribution of crowd comment behavior when the number of initial agents changes
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