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Abstract Aiming at the problem that the existing methods can’ t combine text information and knowledge base
information well, this paper proposes a domain integrated-entity links based on relationship indices and representa-
tion learning. Firstly, this paper builds a domain-specific knowledge base; Secondly, using the vector representation
of learning representation from the text information to calculate the similarity of the three features of the context,
topic keywords and extension words of the entity referential item; Then using the relationship information in the
knowledge base to calculate the relationship index of the candidate entities; Finally, these three similarities and re-
lationship indices are combined for physical links; The experimental results show that compared with the existing
methods, the proposed method can effectively improve the F1 value, and the method does not need to label the cor-
pus, which is simpler and more efficient, and is suitable for the specific field lacking the labeled corpus.
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Table 1  Statistics of experimental results of different
feature combinations

FEA A P(%)  R(%) F1
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Table 3  Statistical results of different w values
w P(%) R(%) F1
1 86.4 83.5 84.9
2 89.8 87.6 88.7
3 90.5 89.2 89.8
4 92.6 90.4 91.5
5 89.7 88.6 89.1
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Table 4  Statistical results of experimental results for
each relationship sub-attribute
KEEE P(%) R(%) F1
HERAR 89.3 87.2 88.2
FER R HE R A 91.8 88.7 90.2
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Table 6  Statistics of experimental results
in different fields
U AR P(%) R(%) F1
i s 92.6 90.4 91.5
DR RIS 91.8 89.6 90.7
ik Uk 90.3 91.4 90.8

Table 5  Comparison of methods in this paper with
other methods

T4 P(%) R(%) F1
Wikify 71.3 73.9 72.6
Cucerzan 76.5 80.2 78.3
SVM#! 83.1 85.3 84.2
Scorel*” 87.4 86.5 86.9
EATRY 80.7 82.9 81.8
Zero-shot™ 91.4 88.0 89.7
AT 92.6 90.4 91.5
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