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SLICT: Computing Texture-Sensitive Superpixels in Medical Images
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Abstract
because of its low time-complexity and remarkable results. However, traditional SLIC does not take texture information

With the development of superpixel algorithm, SLIC (Simple linear iterative clustering) is widely noticed

into consideration, which leads to unsatisfactory results on texture-complex images. LBP (Local binary pattern) algorithm
has good performance on texture analysis. But it is not robust enough to texture noise, and it may also lead to texture
deviation. So, we propose simple linear iterative clustering based on texture (SLICT) by improving the traditional LBP
algorithm and combining it with SLIC. To verify our method’s effectiveness, we use medical images which contain complex
texture from cardiac MRI dataset and compare our algorithm with other superpixel algorithms. The experiment results
show that SLICT has better performance than the other algorithms in boundary recall, under-segmentation error and
coverage rate. Besides, image segmentation results show that SLICT can adhere to boundary more tightly and have better

results on consistent area, which proves SLICT is more suitable to texture-complex images.
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superpixel
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Fig.2 The results of superpixel algorithms on MRI images
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Fig.3 Expriment data on MRI dataset
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