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The Method of Sina Weibo Rumor Detecting Based on Comment Abnormality
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Abstract Microblog plays an important role in social network service, while providing an information communication
platform for users, it also provides a loophole for rumors. It is of great practical significance to automatically detect
and clean up rumors in microblogs for the security and stability of society. In this paper, a rumor detecting method
based on comment abnormality is presented. Firstly, we use D-S theory to implement the calculation method of comment
abnormality. And then, we combine the comment abnormality, text features, propagation features and user characteristics
to abstractly represent Sina Weibo. Finally, we use SVM (Support vector machine) to build a rumor detecting model
based on comment abnormality. The experimental results show that the rumor detecting model proposed can effectively
improve the detecting performance. And the F-measure of the rumor detecting is up to 96.2 %, which is up by 1.3%

compared with the best value in other literatures.
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Table 1  The basic feature system of Weibo rumor detecting
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Fig.5 Weibo rumor detecting model based on comment abnormality

'http://service.account.weibo.com/?type=5&status=4
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Table 4 Comparison of accuracies of different features

Feis 3 iR
1 Length 0.513

2 Has_Multimedia 0.627

3 Emotion_-Tendency 0.601

4 Number_of_Q 0.543

5 Number_of topics 0.515

6 Time_Span 0.633

7 Client_Type 0.645

8 Participation 0.563

9 Has Verify 0.671
10 Has_Description 0.532
11 In fluence 0.513
12 Register_Time 0.639
13 Number_of _blogs 0.703
14 Comment_Abnormality 0.831
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Table 5 Combination of different feature sets
Xof RS BR(RAIREE P4
FEAIE NS WAHEIE + ARIBHREE + PR AE

FAEA A 1 BARFELAL A + VPRI L
FARFILA A 4 PR SRR L + YRR R
& 4 PEBEH SR

TR A + P PEE R L

FRAEAL A 2

HIEH S 3

R6  AFRFEES ISR S5 R L

Table 6  Comparison of experimental results of
different feature sets
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Table 7 Comparison of experimental results of
different methods
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