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HE Jing® LI Ben-Xian!

Abstract
reflects the characteristics of terrorist organization activities. To more accurately depict the dynamic evolution process

The network of terrorist organizations is a special complex network, and its spatiotemporal evolution process

of terrorist network, this paper puts forward a preferential-growing evolution model of terrorist networks based on the
multi-local network, and the model is simulated. The model can accurately describe the growth of new nodes and the
growth process of network under the condition of local information. We use the node network information center degree
to measure the level of terrorist beliefs, dynamic characterization of a terrorist network growth process. The experimental
results show: in the terrorist networks, the degree distribution of local network follows the power-law distribution, the
network information center degree of the nodes of local network has the characteristics of centralized and decentralized.
Finally, the model is verified with the data of terrorist networks. The verification results show that the model is accurate.
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network based on multi-local-network preferential-growing model
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