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Iterative Optimization Defogging Algorithm Using Gaussian Weight Decay

YANG Yan! CHEN Gao-Ke? ZHOU Jie!

Abstract Aiming at the shortcoming of the minimum filtering of dark channel prior algorithm, an iterative optimization
defogging algorithm using the Gaussian weight decay is proposed. This method uses the Kirsch operator to construct a
Gaussian function to approximate the dark channel operation and eliminate the texture effect by cross-bilateral filters.
Secondly, under the optimal transmission, the proposed Gaussian dark channel is used to simplify the atmospheric scat-
tering model to result in a rough transmission. In order to obtain the optimal transmission, a set of high-order filters
composed of Kirsch and Laplacian operators are used to iterate towards the optimal effect. Finally, the atmospheric
scattering model is used to recover the haze free image. Through a large number of experimental tests it is verified that
the proposed hypothesis is valid and restoration of image details is obvious, bright and appropriate. Moreover, it also

performs well in the objective evaluation.
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