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Abstract

XU Mei-Ling!

HAN Bing?

The marine diesel engine serves as the power source of most vessels, which has a very important position.

Its health status directly affect the ship’s stable operation. The traditional fault prognosis methods are difficult to apply

to the marine diesel engine due to its different operating environments and work patterns. In this paper, we propose an

enhanced intermittent unknown input Kalman filter which can effectively reduce the complexity of modeling and deal

with the fault prognosis with different working modes. Also this paper uses the improved sequential probability ratio test

for residual processing to reduce the probability of false alarm. According to the simulation results, the proposed method

demonstrated superiority and feasibility in fault prognosis for the marine diesel engine.
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Table 1 The residual comparison of three algorithms for
parameter prognosis
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The prediction results of exhaust gas temperature
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Fig.3 The prediction results of exhaust gas temperature

with and without unknown input by EIIKF
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Table 2  The comparison of several methods for residual
processing
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