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A Target Tracking Method in Gaussian Progressive Filtering Framework

ZHENG Ting-Ting's? YANG Xu-Sheng'? ZHANGC Wen-An'? YU Li"?

Abstract
tracking method presents in the framework of Gaussian progressive filtering. Error measurements are pruned by hypothesis

This paper is concerned with target tracking problems in the case of incomplete measurements, and a target

testing under the consideration of possible sensor faults. In nonlinear fitering, stability and convergence of estimator are
not guaranteed due to incomplete measurements that may lead to the increase of linearization and numerical calculation
errors. Thus, a modified progressive unscented Kalman filter (MPUKF) is proposed to deal with the problem of increase
in linearization and numerical calculation errors. Additionally, by theoretical analysis of the MPUKF, it is proved that
the estimation errors remain bounded in the progressive process . Simulation of a target tracking example demonstrates

that the MPUKF has higher tracking precision than the standard iterated Kalman filter.
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