FArt HTH
2018 4F 7 H

H 3 b 2
ACTA AUTOMATICA SINICA

Vol. 44, No. 7
July, 2018

—H#ET CGLS 1 LSQR WYX &ALV LECE ERF A

REg  RER  BESIH AR ARK!
OB RS, YO TR B R R, RN R — A P PR D, AR A

e B D EHRAE A, B i — ML 58 U5 808 BR A, XT Mg A e, — A E SRy R e 8 2
WP T LT, An ] e e A AR S AR SR T BT LR BE fie /D ek (Conjugate gradient least squares,
CGLS) /N "3k QR 73f# (Least squares QR, LSQR) R A MLALAILALIBERTEYE. 1%3VAR ] Alpha HUE R & CGLS
M LSQR Z BB EUE (ZERE), Hilid s a5, SEg iR W BT CGLS 1 LSQR BBk A 1L It
HCiB BR RATE IR A R AR HUAE 532 s T U 00 T HAT B IR BE ).

KEEIA) R4S, VCRCBER, FgiikE, MR

SIRME B, B R, B, HR, ZARA& —FET CGLS FI LSQR WBA LM ITHGE BRI vE. A3 fba:4ik, 2018,
44(7): 1293—-1303

DOI  10.16383/j.aas.2018.c160569

A Matching Pursuit Algorithm of Jointing Optimization Based on
CGLS and LSQR
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Abstract For compressed sensing theory, to design a good sparse reconstruction algorithm is a challenge. The basic
purpose of sparse reconstruction is to implement the signal or image reconstruction by solving optimization problem on
the condition of fewer data samples. For the sparse reconstruction, an important aspect is how to reconstruct original
signal when data is contaminated by noise. In this article, we present a matching pursuit algorithm, in which the conjugate
gradient least squares (CGLS) method combines the least squares QR (LSQR) method to solve the optimization. This
algorithm uses alpha divergence to measure dispersion between CGLS and LSQR, then selects optimization solution
sequence in light of the dispersion. Experiment shows that the matching pursuit algorithm has excellent reconstruction
performance when the signal of compressed sampling is contaminated.
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