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A New Automatic Navigation Path Generation Approach to Virtual Angioscopy

JIN Chao-Yong? GENG Guo-Hua! LI Ji-Jun-Nan' ZHOU Ming-Quan? ZHU Xin-Yi'

Abstract Centerline extraction of curvilinear objects is a crucial component of virtual angioscopy because it provides
path planning for automatic navigation. In this paper, we suggest a new idea to extract center path for point cloud data
of cerebrovascular based on improved L1l-media algorithm. First, the vessel segmentation algorithm based on statistics is
applied to enhanced cerebrovascular. Then the promoted Roberts operator is used to extract single-voxel edge to generate
a point cloud model of the vessel. At last, the L1-media algorithm based on point cloud normals is put forward to extract
the wandering path. This process overcomes the limitations that the conventional wandering path extraction algorithms
fail in outlier and missing data, improves efficiency and makes the wandering path closer to the medial axis of the vessel.

The wandering path is the navigation path for angioscopy to achieve automatic navigation.
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