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Temporal Summarization Based on Biterm Dirichlet Process

XI Yao-Yit LI Bi-Cheng® LI Tian-Cai' HUANG Shan-Qi?

Abstract Temporal summarization aims at extracting sentences chronologically to give an overview about the evolution
of a topic. Existing researches either neglect the information of latent subtopics, or fail to accurately discover them. In
this paper, we develop a novel topic model called biterm Dirichlet process and generate the temporal summary based
on it. Firstly, we get the subtopic distribution in each sentence through posterior inference. Secondly, we calculate
each sentence’s relevance and novelty degree according to its subtopic distribution. Finally, we chronologically extract
the sentences which are relevant and novel to generate the temporal summary. Experiments demonstrate the better

performance of our approach compared with currently representative methods.
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Table 3  Detailed information of the data sets
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3. 2014 4F 3 H R KAES R i 22 i it 270 2661 12 850
4. 2013 4 4 A Rp R izg 727 6031 40 1250
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Table 4  Performance comparison on each topic

Topic Method Rouge-1 Rouge-2 Rouge-W
LexRank 0.31051 0.06526 0.09545

Centroid 0.42807 0.14773 0.12828

1. IR RN B Macro-Micro 0.43800 0.14545 0.13228
EHDP 0.44596 0.14178 0.12218

BDP 0.47399 0.19010 0.14827

LexRank 0.37693 0.06646 0.09337

Centroid 0.36718 0.06350 0.08067

2. WRIEEE A HLIH Gl A Macro-Micro 0.43700 0.11519 0.11189
EHDP 0.39111 0.12849 0.11393

BDP 0.44160 0.12994 0.12443
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