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Genetic Resampling Particle Filter

YE Long!  WANG Jing-Ling! ZHANG Qin!

Abstract Particle degeneration is a key issue in the perfor-
mance of a particle filter. In this paper we introduce genetic
mechanism into particle resampling process. It is shown that the
new particle filter can effectively eliminate particle degeneration
and reduce its dependency on the particle validity. Furthermore,
the new genetic particle filter can be optimized by three key ge-
netic factors—selection, crossover and mutation probabilities.
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Fig.1 Believing range analysis of tracking
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Fig. 3 (a) GRPF’s performance in multi-dimensions tracking area
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