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KD(D&K): A New Knowledge Discovery Process Model for Complex Systems

YANG Bing-Ru'! SONG Wei' LI Xin?

Abstract Based on double bases cooperating mechanism and double-basis fusion mechanism, as well as process models
of KDD* and KDK*, we propose KD (D&K), which is a new KDD(Knowledge discovery in database) process model
for complex systems. KD (D&K) integrates the above two mechanisms and the two process models synthetically. This

LI Jin-Hong?

paper discusses the overall flow, the dynamic knowledge base system of KD (D&K), and the application of KD(D&K) to

fertilization and plant protection.
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Fig. 1 Overall structure of KD (D&K)
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