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Data-driven Prediction on Performance Indicators in Process Industry: A Survey
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Abstract It is of great significance to predict production process indicators in process industry for production schedul-
ing, safety production and energy saving. Currently, various data-driven approaches for predicting these indicators are
proposed, including the following three aspects: feature selection, prediction model construction and model parameter
optimization. This paper surveys the above three aspects and summaries the merits and demerits of these approaches.
Finally, future research directions of production process prediction of key indicators in process industry are suggested with

respect to industrial big data and knowledge automation.
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Fig.1 A flow chart of data-based prediction on

performance indicators in process industry
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