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Gesture Segmentation with Improved Maximum Between-cluster

Variance Algorithm

LI Qing? TANG Huan' CHI Jian-Nan? XING Yong-Yue? LI Hua-Tong!

Abstract In this paper, in order to solve the problem of ambiguity or unclear boundary caused by noise and interference
in gesture imaging, a gesture segmentation method based on the improved maximum between-cluster variance algorithm
is proposed. Firstly, a two-dimensional gray histogram of gesture image is generated, and positions of noise points are
determined on the two-dimensional gray histogram. After filtering noise in the corresponding region of the gesture image,
a two-dimensional gray histogram is reconstructed. The point set of the inner point area are projected to the 45 degrees
line to generate the gray projection histogram. Then, the global Otsu is used to determine the left boundary of the local
Otsu and Gauss function is used to get the right boundary of the local Otsu in the projection gray histogram. Finally,
the local Otsu is used to segment the gesture image. This method can effectively segment the gesture image accurately.

Experimental results have verified the effectiveness of the proposed algorithm.
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Table 5  Results evaluation of different algorithms
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