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Fusion Techniques for Heterogeneous Images: a Survey

SHI Qiang? ZHANG Bin'? CHEN Zhe! SHI Gong-Tao® CHEN Dong?

QIN Qian-Qing*

Abstract The diversity in the imaging mechanism leads to the essential difference between heterogeneous images. This

makes it very difficult to fuse heterogeneity images at pixel levels. So the fusion methods mainly focus on feature and
decision levels. Based on the principles of multisource information fusion, this paper describes the research status of image
fusion structure, feature level fusion algorithm and decision level fusion algorithm in details. Meanwhile, in-depth analysis
of the problems existing in heterogeneous image fusion is presented. Finally, we suggest the future research directions for

heterogeneous image fusion.
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