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Survey of Super-resolution Image Reconstruction Methods
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Abstract
SR) technique has become a hot topic in the areas of computer vision and image processing, attracting many researchers’

Because of its extensive practical and theoretical values, the super-resolution image reconstruction (SRIR or

attentions. This paper categorizes the SR problems according to their input and output conditions into three main cat-
egories: reconstruction-based SR, video SR and single image SR. For each category, the development history, common
algorithm classes and state-of-the-art research achievements are reviewed comprehensively. We also analyze the charac-
teristics of different algorithms. Afterwards, we discuss the combination of different super-resolution categories and the

evaluation of image and video qualities. Thoughts and foresights of this field are given at the end of this paper.
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Fig.1 The categories of super-resolution problems
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Fig.2 The common imaging model of the reconstruction-based super-resolution problem
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Fig.3 Non-uniform interpolation method
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Table 1 Comparison of different reconstruction-based super-resolution algorithms
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Fig.4 Categories of video super-resolution methods
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Fig.5 The learning-based super-resolution problem
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Table 3 Comparison of different single-frame super-resolution algorithms
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