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Object Detection by Combined Model Based on Cascaded Adaboost
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Abstract
speed for object with large variances in color, texture, and shape. A novel cascaded and additive model based on cascaded

Single feature-based model always meets the difficulties of poor detection performance and slow detection

Adaboost classifier is proposed in this paper. This combined model consists of two cascaded Adaboost classifiers which
are independently trained with edge-fragment feature and Haar feature to describe the whole object and one of its stable
components, respectively. The final classification decision of the combined model is made according to the stage indexes
by which a sample is rejected or accepted in the two cascaded classifiers. Experiments on several test databases show that
the combined model can take advantages of the speed merit of Haar feature and the robustness of edge-fragment feature.

Compared with single feature-based model, the detection performance of the combined model is greatly improved.
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Table 1  Comparison with global model and
component model
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Fig.10 Samples of UIUC side-view car detection results
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Table 2  Comparison with other state-of-the-art
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