%33 % 2
2007 4 2 H

H 2 % 4R
ACTA AUTOMATICA SINICA

B |8) P 51 S50 A BY B 1 R F0
AN BRE REW g4 AEE

WOE SRR ERIHUN T AFStreams, 458 T AL A TR AL FIN I AN IR AU 0D, LU R
(A OHAD R E 18 RO 2 K, 20 S 2 IREO AT R, T A T S50, (7 2LSTRAE W], AFStreams A
U MO RS RO, 0 55 e RTINS P2 100745, 535 O 5 7 7 T e

SRR TS, MR, B, S NE, Kalman 183

hESES TP274+.2; TP311.13

Vol. 33, No. 2
February, 2007

An Adaptive Forecasting Method for Time-Series Data Streams
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Abstract
ing method and the rapidness of times-series forecasting method, called AFStreams, is proposed. It can estimate the

ZHOU Jing-Hua® XU Hong-Bing! DONG Yi-Sheng!

An adaptive forecasting method that combines the merits of the precision of artificial intelligence forecast-

forecasting-step self adaptively from the change ratio of stream-values and can generate proved optimal track of forecast-
ing points with the minimum computation cost from limited resources. Experiments proved that AFStreams can adapt

to the changes of data well and provide tradeoff between computing complexity and forecasting precision.
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